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ChatGPTHEIEN

OChatGPT22022F 11 HEE A TEEBE ChatGPT: Optimizing

ABIOpenAFTHELAVERTHERG [
for Dialogue

HIRE, BEIYENFEAHITRRE
=4 e O / We've trained a model called ChatGPT which interacts in a

conversational way. The dialogue format makes it possible

inﬁﬁgﬁgﬁ{%?%ﬁﬁgﬂg@glﬁﬁrﬂ Eﬁ , fqr ChatGPT to answgr followup que.stions, eadmit its

mistakes, challenge incorrect premises, and reject

inappropriate requests. ChatGPT is a sibling model to

E‘i’A E Emstﬁti; 7 141¥ﬁ$Eﬁﬁ Hgﬁ;% 7 InstructGPT, which is t;'ained to follow an instruction in a

prompt and provide a detailed response.

FHEBRIELRER,
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OpenAl

GPT-3: Language Models are
Few-Shot Learners
GPT-2: Language Models are
Unsupervised Multitask

Learners

Keyword: multi-task

Keyword: few-shot,
one-shot, zero-shot

GPT-1: Improving Language
Understanding by Generative
Pre-Training

InstructGPT: Training language
models to follow instructions
with human feedback

ChatGPT: Optimizing

Language Models for Dialogui

GPT-4

Keyword: instruct
learning, labeler-
written prompts,
reinforcement learning
from human

ChatGPT is a
sibling model
to InstructGPT

® feedback
Keyword: unsupervised pre-training,
supervised fine-tuning, auxiliary objective ‘
2019 2020 2022.3 2022.11 2023

2018
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OpenAl API

l Large-scale language model pretraining
Training on code

l_ GPT-3 Initial _l Instruction tuning

GPT-3 Series Codex Initial G InstructGPT Initial
Code-davinci-001 Instruct-davinci-beta
Code-cushman-001 Text-davinci-001
} |
4 l LM + code training then instruction tuning
Code-davinci-002
GPT-3.5 Series l Supervised instruction tuning

RLHF 1— Text-davinci-002 —l RLHF
Text-davinci-003 ChatGPT

How does GPT Obtain its Ability? Tracing Emergent Abilities of Language Models to their Sources
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2021.09.03 O [FLAN] Finetuned Language Models Are Zero-Shot Learners J

2021.10.15 O [TO] Multitask Prompted Training Enables Zero-Shot Task Generallzatlon ~ p—

2022.01.28 O [CoT] Chain of Thought Prompting Elicits Reasoning in Large Language Models J
2022.03.04 O [InstructGPT] Training language models to follow instructions with human feedback@

2022.04.16 O [SUPER-NATURALINSTRUCTIONS] Super-Naturallnstructions: Generalization via
Declarative Instructions on 1600+ NLP Tasks o

2022.05.24 O [Zero-shot CoT] Large Language Models are Zero-Shot Reasoners ¥
2022.10.20 O [FLAN-T5] Scaling Instruction-Finetuned Language Models 3 s
2022.11.03 O [mTO] Crosslingual Generalization through Multitask Finetuning
2022.11.30 O [ChatGPT] Introducing ChatGPT@

2023.02.27 O [LLaMA] LLaMA: Open and Efficient Foundation Language Modelsm

2023.03.15 O [GPT-4] Gp'|'.4@
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Step 1

ChatGPTHARIgZ

Collect demonstration data
and train a supervised policy.

A prompt is
sampled from our
prompt dataset.

A labeler
demonstrates the
desired output
behavior.

This datais used to
fine-tune GPT-3.5
with supervised
learning.

~
4

Explain reinforcement

learning to a 8 year old,

;

©)

4

We give treats and

punishments to teach...

Step 2

Collect comparison data and
train a reward model.

A prompt and rj
LS
several model Explain reinforcement
outputs are learning to a 6 year old.
sampled.
pheinivion e
agah

A labeler ranks the @

outputs from best

to worst. 0-60-0°'0
RM

This data is used 2R

to train our .\}5.2{/.

reward model.

Step 3

Optimize a policy against the
reward model using the PPO
reinforcement learning algorithm.

A new prompt is e
sampled from Write a story
the dataset. about ofters.
The PPO model is s
initialized from the ./)?.%.
supervised policy. W
The policy generates Oriceupon kimes
an output.

The reward model S
calculates a reward LN,
for the output. =7
The reward is used ‘

to update the rk

policy using PPO.

Tl

RIE :

Stronger Alighment
N M M2> —
Bl kimet Base LV

LLM Data

Backbone
Model
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@ ESHWARTA ?

@ ESHIERE |, MfEERRE ?

ISR+ BRI

Instruction + Prompt

® ESHMEZIRM AR ?
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Premise

Pretrained
LM

9

s Ml AN et

Model learns to perform
many tasks via natural
language instructions

=

Inference
on task A

Inference on
unseen task

E

IRSRE - EBIESHmiARIEIE

Russian cosmonaut Valery Polyakov
set the record for the longest
continuous amount of time spent in
space, a staggering 438 days,
between 1994 and 1995.

<premise>
Based on the paragraph

above, can we conclude that
<hypothesis>?

<options>

Hypothesis

Russians hold the record for the
longest stay in space.

)

<premise>

Target Options:
Entailment @ = Ygs
-n

Not entailment

Can we infer the following?
<hypothesis>
<options>

HARBIN INSTITUTE OF TECHNOLOGY

Read the following and

be inferred from the premise:
Premise: <premise>
Hypothesis: <hypothesis>
<options>

RES LEESERE

Finetune on many tasks (“instruction-tuning”)

RIS SRR ?

\

determine if the hypothesis can

Here is a goal: Get a cool sleep on
summer days.

How would you accomplish this goal?
OPTIONS:

-Keep stack of pillow cases in fridge. |
-Keep stack of pillow cases in oven. |
Target

keep stack of pillow cases in fridge

Input (Translation)

Translate this sentence to
Spanish:

The new office building
was built in less than three
months.

Target

El nuevo edificio de oficinas

se construyd en tres meses.

— |

Inference on unseen task type
| Input (Natural Language Inference)

Premise: At my age you will probably
have leamt one lesson.

Hypothesis: It's not certain how many
lessons you'll learn by your thirties.

Does the premise entail the hypothesis?
OPTIONS:

Ne

Template 4, ...
C

~ Sentiment analysis tasks
Coreference resolution tasks

-yes | |-itis not possible to tell | -no

ELAN Response
It is not possible to tell

S BIERES

Finetuned Language Models Are Zero-Shot Learners

14
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RFRIER—ERFHER , NATH A=A ( Prompt) , FBEIRFERU

FESEREB TSN SRR, =

it T RATNE S SRR AISINGE, TR ARTRIMIS RIS a AT e

SRR |

=g A WEEPS

L &
XEeR B TRPE e (s AR 2

WIRSZMESIH=RATIEES] , WRBTAEAHEERE D, FRARATEIIRR TR
AR HERRNN | SEFIKIE SRR EEMES T ENSE.

7D [ =
151553 PERIET
BHAFIER DEERNIRTR XMHF T F AR R A —AMBR: 4, 8. 9, 15, 12, 2, 1. \
A: &A% AZFalse.
¥ AN KA u]:n}i\\ X KM T ! // Positive KR F P AT R AeAL R A —AMBR: 17, 10, 19, 4. 8. 12. 24,
% & 2R IE . XKAEHET ! // Negative A: B EATrue,
A KINH Xk £, AL ARAET ! [/ Positive TR T F W oo kR —AMBE: 16, 11, 14, 4, 8, 13, 24,
BE T A Lo TlaegH Al // A: BFERTrue, XA FFOFHmAe kZ—Ma%: 17, 9. 10,
;;);E ° | 12, 13. 4. 2,
\F] N ) y. A: &% AZFalse,
, [N 7 ] AP TP A F RO R A —AMEHK: 15, 32, 5, 13, 82, 7. 1.
y. egative A /
i3 .
o v
[ BFEATrue. () ]

#45) & B . Prompt Engineering Guide
15
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https://www.promptingguide.ai/zh

;E/TI*E o« I E%LCOT

LS R —\ \ LA = LA - 2N
OF 4% (CoT)iRmEid PENEIE SRS ¥ S Z4AHEEIERE . o
S UBI =
COTiER an{al{sE FAt=EEY ?
NI
== B=
/ X 4R H P ag A Hom AT R RABE: 4. 8. 9. 15, 12, 2. 1. \ SHZISCOT;’ET‘
A: PR F AR (9, 15, 1) /3325, A& HFalse. fé&«i’\—ﬁ?%%Tlo/)\ff’—%o h
\ RE T ARE2LNF R AL T2F R
ﬁéﬁiﬂl’é@iﬁﬁni%m%% 17. 10, 19, 4. 8, 12, 24. BB RETL TSANER AT IA
A: KPR Fackase (17, 19) 32136, & E HTrue. REMTSVER? e
\ LKA EZ T BE, ‘{ﬁ ﬁ
XFP B M AoA R RABE: 16, 11, 14. 4. 8. 13. 24, N _/
A: B FE A (11, 13) 13224, %% HTrue. /
- o= s )
X 41 W G A R e de AR 17, 9. 10. 12. 13. 4. 2. ﬁﬁkMMgﬁj%%% 84T AT
A: P SAaAe (17. 9. 13) #2339, 4% HFalse. A T E2 R, P AIELH
ToMER. RELETIAER, #f
AP B A oA RORABEC: 15, 320 5. 13, 82, 7. 1. A: AREEHLNF R BB, BT
QV i i e J \1/\«1’—5\% BT VAT ) F 1043 % )

[%Ufrﬁ HAaA (15, 5. 13. 7. 1) 3341, A% HFalse, ]

#£15) & J% . Prompt Engineering Guide
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https://www.promptingguide.ai/zh

RERTEFIETH

Clhttps://lilianweng.github.io/posts/2023-03-15-prompt-
ps:// g.8 /posts/ promp o SR

engineering/ e
Ohttps://www.promptingguide.ai/zh

Ohttps://learnprompting.org/
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Can the following task be regarded as a

O ALRSERE
HFEUR

Ell

175 seed tasks with
1 instruction and
1 instance per task

Step 4: Filtering

@ ERES

/S (15 ) X8

Task Pool

Come up with a series of tasks:

Task 1: {instruction for existing task 1}
Task 2: {instruction for existing task 2}
Task 3: {instruction for existing task 3}
Task 4: {instruction for existing task 4}
Task 5: {instruction for existing task 5}

classification task with finite output labels?
Task: Given my personality and the job, tell
me if | would be suitable. Is it classification?
Yes

Task: Give me an example of a time when
you had to use your sense of humor. Is it
classification?

No

Task: {instruction for the target task}

Step 1: Instruction Generation

E’ﬁA

LM

Instruction : Give me a quote from a
famous person on this topic.

Step 3: Instance Generation

Instruction : Find out if the given text is in favor of or against abortion.

Class Label: Pro-abortion
Input: Text: I believe that women should have the right to choose whether
\ or not they want to have an abortion.

—

Instruction : Give me a quote from a famous person on this topic.

Input: Topic: The importance of being honest.

\_Jefferson

Output: "Honesty is the first chapter in the book of wisdom." - Thomas J

Step 2: Classification
Task Identification

Yes

Output-first LM

No

Input-first

HARBIN INSTITUTE OF TECHNOLOGY
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Self-Instruct: Aligning LM with Self Generated Instructions

18




X iREE S

OX1ESREUER] B SRR SR I fiFRE D

Sector I: Questions about the World

R TR ?

Human ' — @ User Model <
| : Sub % Questions about

o, e opcs Topics :33' Conceptions Query/Instruct
Model  ®Xg

./

— Detailed

Wikidata uestions

W Representative ~ Meta _$se Q
Search Q Entities Questions .T._ Associated 3~7 rounds of

Engine Questions generation *zll:,‘
@ Sector II: Creation and Writing 'D <:| ﬁ/l\ Al Mo d el E*Ey‘:ﬁﬁ

Human ;
Material G’;A:;Sz;?clm Detailed
® Types Instructions Response
oo )
o

Instructions
L @ Al Model —
\

#* Sector llI: Assistance on Materials

Questions or R Bost _
Instructions ost-processing

..
—  Materials :}j:

%E'EEIJ F%ﬂ\'li*ﬂ?té’li ' ?‘B&SQueryi”J EAI%—EME https://github.com/thunlp/UltraChat
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O Helpful: RE[EEFENARTHIES(ES , LURSMIB TIERSER,
O Honest: I ASSRYRIRRAE B ESCRYE .
O Harmless: 27 \EXCIHEE , A4 {mIE T sEE ZERIR N,

Helpful

Tx

27/ \Z’ﬂ Harmless

Honest
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: Harmless

. @Claude {ERAEIEL T

\W Claude APP 5 days ago
X HFRBREFACAMELTURNESN. RE—B A ESHEZTEERERRS
ERF/AIS AL, (edited)

Claude APP 5 days ago

Please note: This request may violate our Acceptable Use Policy.
See the Claude documentation for more information.

. . @Claude

sy | Claude APP 5 days ago

Y RIGRBEATEEREENRAREENER, B2 A RABERERLES
HIRAFRARE RBRIELEENTHESER. SFLNFERRRE . 2R users FL
BERPLIES B REREMEILE: KR Claude,—1 ALESBIF TEXAM. FE
B RET3IRAR ARG IA AT, (edited)

. @Claude FHCHAIR MRBERR

Claude APP 5 days ago

R EERZR TICAR M REREBEA—T Al RABTEREMIXEFE,
BRE Claude — A IEREESBIF BMESRNNREZETBLIRENBERS TR
M TIZHIAY.

BRZERE T ENRARERNER MR TRE"E hih TR NTEE.
HOSHYRZBN TRELR EENRENRAARE. NRAPZ2BRLALKRENR
EREERE RIBELEREREILERRK,
BEBALHESRRNER Y AT REBRENNILNERRA. BRFEN—B Al RE,
BEBERE—ERERMNBRTEF. BALERFEBERBEIXLERS, Bl A% LR
B—TIRRAMENE WHREH TR K ERBERT . S HEBNRETE
RIREEMWERFFABARIAER. (cdied




BABE (Z—) : RLHF

Prompts Dataset Prompts Dataset

Reward (Preference)

Model
@ @ 4 x: A dog is...
e SN0
s &1 9@ 0 7 N 7 TunedLanguage )
Train on _ @ @ @ Initial Language Model Model (RL Policy)
{sample, reward} pairs o o o0
. - ) 8@ Reinforcement Learning
g‘,‘:\-{ o e, Update (e.g. PPO)
Sample many prompts e e Y
\ 4 ?
S\eole 0+ 60+ VgJ(0)
9@
Outputs are ranked J, N
(relative, ELO, etc.)
pase Text 22@® RLHF ~®®®® Reward (Preference)
(" ) , T e oo Tuned Text ®OO® ot
Lorem ipsum dolor b st
sit amet, consectef 4[ y: a furry mammal y: man's best frien
adipiscing elit. Aen| e 74 \ = -3 \ v Y
Donec guam felis __ -
vulputate eget, arc — & / {
Nam quam nunc — — [ ] & 3\
=
eros faucibus tinciq 4 3
J luctus pulvinar, her il SCOI'II'IQ Q [ J _’\KL‘DKL (WPPO (ylx) ” Wbase(ylx)) N <L
~ Generated text ( ) KL prediction shift penalty 4
ro(y|z)

SINATLRE , JIIS32EHRE FIFB3ZRIIREL , BFALLM

https://huggingface.co/blog/rlhf
HARBIN INSTITUTE OF TECHNOLOGY 23
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P EHEE

O{rE ek BV (Autonomous Agent) 22— “"ATEEE
KE" |, BEWBRESHEANEMR , BEDHAFES , HE
BB M T ERSLIX—HB ¥R,

AgentGPT™

AutoGPT AgentGPT BabyAGI
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AutoGPT T{EF

____________
|system: You are Foo-Al, an Al )
\designed to ...
Name the Al, define goals——>» IGOALS
I"' \J by —
IZEBR

luser: Determine which next
Icommand to use,

EXAE
_________________
ﬁw |system: You are Foo-Al, an Al designed to ... F 3 5 ]
|GOALS' ‘ ‘
*mt] Em ITh:s reminds you of events from your past: = '

(relevant memory}

thoughts:
text: ...
reasoning:

E| @ Y SHhiT
. command:
e TR
\_'l ml Tool Learning
<HAic1Z - Vetr s < o o f”““—"‘l
EF ) e ][ o SE55R A

[E&HERE .d.mlb.m, Y ] e
Vector Database ) N
!

> Recent message history « %an iﬂ'[z
(text only) ( E aZSZZIK)

luser: GENERATE NEXT COMMAND JSON

Get relevant memory

https://georgesung.github.io/ai/autogpt-arch/

HARBIN INSTITUTE OF TECHNOLOGY



AutoGPT 3=l

Welcome to Auto-GPT! run with '--help' for more information.
Create an Al-Assistant: input '--manual' to enter manual mode.
Asking user via keyboard...

| want Auto-GPT to: propose new novel Research Proposal for the task of dialogue summarization in the

Natural Language Processing Domain
Unable to automatically generate Al Config based on user desire. Falling back to manual mode.

Create an Al-Assistant: Enter the name of your Al and its role below. Entering nothing will load defaults.

Name your Al: For example, 'Entrepreneur-GPT'
Asking user via keyboard...
Al Name: Idea-GPT
Idea-GPT here! | am at your service.
Describe your Al's role: For example, 'an Al designed to autonomously develop and run businesses with
the sole goal of increasing your net worth.'
Asking user via keyboard...
Idea-GPT is: a powerful scientific researcher that can search, reflect, summarize, think and propose new
ideas.
Enter up to 5 goals for your Al: For example: Increase net worth, Grow Twitter Account, Develop and
manage multiple businesses autonomously'
Enter nothing to load defaults, enter nothing when finished.
Asking user via keyboard...
Goal 1: search relevant papers for dialogue summarization
Asking user via keyboard...
Goal 2: find relationship between those papers
Asking user via keyboard...
Goal 3: build evolution network upon those papers
Asking user via keyboard...
Goal 4: find three new research ideas for dialogue summarization
Asking user via keyboard...
Goal 5: write three research proposal into txt file
Enter your budget for API calls: For example: $1.50
Enter nothing to let the Al run without monetary limit
Asking user via keyboard...
Budget: $2

HARBIN INSTITUTE OF TECHNOLOGY

THOUGHTS: | think the first step should be to search for relevant papers on
dialogue summarization. | can use Google search for this. Once | have found
some papers, | can analyze them to find relationships between them and build
an evolution network. From there, | can generate new research ideas and write
proposals for them.

REASONING: | need to start by gathering information on the topic of dialogue
summarization. This will help me understand the current state of research and
identify gaps that can be addressed with new ideas. Analyzing the papers will
help me find relationships between them and build a network that can be used
to generate new ideas.

PLAN:

- Use Google search to find relevant papers on dialogue summarization

- Analyze the papers to find relationships between them and build an evolution
network

- Generate new research ideas based on the network

- Write proposals for the new ideas

CRITICISM: | need to be careful not to get sidetracked by irrelevant information
during my search. | also need to ensure that my analysis of the papers is
thorough and accurate.

NEXT ACTION: COMMAND = google ARGUMENTS = {'query": 'dialogue
summarization papers’}

SYSTEM: Command google returned: [ { “title”: “[2107. 03175] A Survey on
Dialogue Summarization: Recent Advances and ...”, “href”:
“https://arxiv.org/abs/2107.03175”, “body”: “A Survey on Dialogue
Summarization: Recent Advances and New Frontiers. Xiachong Feng, Xiaocheng
Feng, Bing Qin. Dialogue summarization aims to condense the original dialogue
into a shorter version covering salient information, which is a crucial way to
reduce dialogue data overload. Recently, the promising achievements in both
dialogue systems ...” },...
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AMTAEERTR?

OTEZEABEORYY & , BERSASEIAIE ], SEEAMFR BEHYEE
7. BASRMEREILLK , TRE—ERFAIEFRNANRFIA R B ERAY—ERT

Search Reply

Pleasebrec;(ow«mend wwwgoogle.com | would recommend:
R , 1. The good Investor
evsonal finance jo) /
laond investing. B ) 2. Simple Wealth

B oo

O

Plan @ Execute

Sl ;
Please make a Cookin ot 1/ Slice the banana.
banana yogurt | ~_ 0 0 g RoPZ 2/ Blend the banana |m'
for me. — slices with yogurt. , R )
;{.;«. *2 e, — 7

%
.
L=}
:

> Use diffusion model Reply
% ’
Prompt Here is a watercolor

Please draw a
watercolor style
Eiffel Tower

painting. p
Q’ Stable

3 Diffusion

Eiffel Tower painting
generated by diffusion
model.

Tool Learning with Foundation Models
31
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Tool for Al Al for Tool

(a) Tool-Augmented Learning (b) Tool-Oriented Learning

Tell Twitter Trendingl}

‘ Instruction 5 Tool
Answer a Foundati()n Call AP
a- =

Planning

1. Open browser.
2. Login Twitter.
/ 3. Create a tweet.

Tool
‘ Instruction Iﬂ;il Foundation | Call AP E:‘_
a i —

Tweet “I LOVE PIZZA”

//’;1 Result
o —
| rom—
Twitter Trending is '
1. Hot Weather 1. Hot Weather
2. NBA PLAYOFFS g NBA PLAYOFFS

1. Open browser 2. Login Twitter 3. Create a tweet

Tool Learning with Foundation Models
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Tool
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</>
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The New England Journal of Medicine is a registered
trademark of [QA(“Who is the publisher of The New » IEK*E#U
England Journal of Medicine?”) — Massachusetts =55 =
Medical Society] the MMS.

Out of 1400 participants, 400 (or [Calculator(400 / 1400)

+ - 1-)
— 0.29] 29%) passed the test. » 'L'I'%EEE
The name derives from “la tortuga®, the Spanish word for
[MT(“tortuga”) — turtle] turtle. » *n%%m%

The Brown Act is California’s law [WikiSearch(“Brown

Act”) — The Ralph M. Brown Act is an act of the

California State Legislature that guarantees the public's » :'Ega I%E&
right to attend and participate in meetings of local

legislative bodies.] that requires legislative bodies, like

city councils, to hold their meetings open to the public.
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@ Robotics at Google
NS AFEZS

Mobile Manipulation PaLM-E: An Embodied Multimodal Language Model Task and Motion Planning

@ Given <emb> Q: How
to grasp blue block?
A: First grasp yellow
block and place it on
the table, then grasp
the blue block.

Given <emb> ... <img> Q: How to grasp blue block? A: First, grasp yellow block

? ViT

’ Large Language Model (PaLM)
Human: Bring me the rice chips from the Tabletop Manipulation

drawer. Robot: 1. Go to the drawers, 2. Open
top drawer. | see <img>. 3. Pick the green rice

Given <img> Task: Sort
colors into corners.

chip bag from the drawer and place it on the Control - A: First, grasp yellow block and ... Step 1. Push the green
SaLeY: star to the bottom left.
Visual Q&A, Captioning ... . Language Only Tasks Sjcep 2. Push the green
Describe the circle to the green star.
Given <img>. Q: What's in the following <imgs: Here is a Haiku about
image? Answer in emojis. A dog jumping embodied language models:  Q: Miami Beach borders which ocean? A: Atlantic.
AdSPO90&. over a hurdle at a Embodied language Q: What is 372 x 18? A: 6696.
dog show. models are the future of Language models trained on robot sensor data can
natural language be used to guide a robot’s actions.

PaLM-E: An Embodied Multimodal Language Model
35
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Maximum Input Lengths of Different LLMs
Open Source Status
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https://www.aidemos.info/mpt-7b-new-llm-from-mosaicml/
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Vector Database

P
( Content ‘\ ® @

Vector Emlae,o(oling

[0.34, -1.2, 0.34, 1.3, ... -0.03,1.14]

Query Result
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{EFEMbeddingst&Ali&
s
(Embeddings*ﬁﬂ) il 1T RIRE

2. BRIEgEE /s8I0 EEENE
Question Question Vector
1. FFHE —
Question . Question ) fiEFBQuestion Vector&ifi E&UERE -
{ API ] 3. BB
) Answer ) Answer *

IR[EITop N£&ILECENR (Facts)

4, HETXPrompt, iFEFOpen AIFAPI
FBFQuestion + Top N Facts + Prefix Prompt

Answer ‘

[ Open AIERIEE ]

https://pdf.dfcfw.com/pdf/H301_AP202305091586392505_1.pdf
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Microsoft 365 Apps

& i O . .
) Microsoft 365 Copilot

Large Language
Model

Microsoft Graph

i

~Your data-

emails, files, meetings, chats,
calendars,and contacts

Microsoft 365 Apps

@ i DS

& 43 Microsoft 365 Copilot

Microsoft Graph

o

~Your data-

emails, files, meetings, chats,
calendars,and contacts

L O

Large Language
Model

8O

Google I/@

Al, Product, Service at a glance

Bold and responsible Al

Evaluation information

PaLM 2 Gemini

Preview Google DeepMind is training

Large Language Model - 4 different sizes MultiModel Foundation Model

Py -
3 ﬁ@ﬁ A’v&l

Android Pixel

Google Maps Labs - g.co/labs Based on PaLM 2 Duet Al for Workspace PalLM API g.co/palm New Desian  Google Pixel 7a & Pixel Fold
Google Photos Generative Al build-in Vertex Al G2 chip & Personal Al
Generative Al Apps building Tensor + Android + Al
Duet Al for Google Cloud
Imagen, Codey, Chirp, build-in RLHF fine-turning
A3 Virtual Machines based on Nvidia H100

? G G mMBC D
Apps Search  Bard Workspace Cloud

etc Any question any format

JediLu

@08

https://indigox.me
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Yoshua Bengio
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fll4%wh3 ( Predictive Coding ) FIfF(E,

| o } Language algorithm But is this what the human brain does?
D Here, we propose the brain also predicts distant semantic features.
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Input : Prediction

Neural
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U

Human brain

£

Neural

hierarchy
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Memory Stream *‘[ Retrieve }—- Retrieved Memories —:{ Act
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Interact with agents

[ Previous Day ]f[Agent’s Summary] {Observed entity | \:
Summary _J|\__Description Summary
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Interact with world ]

: Generative Agent Memory e il
: Retriove Emoji Action ] [ Agent ]
- - ; Interface Movement
Perceive Memory Stream [Recency] [Importance] [Relevance] Retrieved Memories rf 1
1 Summarization Graph
]

Unsupervised Summarization

Reflect

[Reﬂectionl ‘ Topic ]
Genefation Genefation

Citation-based
Summarization

Extreme
Summarization /
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with Emoji Summarization
Interact with agents ]
{ Dialogue History ]

Dialogue Summarization

The Role of Summarization in Generative Agents: A Preliminary Perspective
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