SR THUNLP & HIT-SCIREAREES

Wil ZRndREgIE

BEM

2021-5-31



=k

1
2
3
4

MigmENEZE

XiREE=RIIE

XiETHERIRE

IE\QE

-

———————SSSSESSSNR




S N RS



fiaEe

O R SERFMA SRR NS 2 KRS R RYEENA.

R

ARERHRBEETHUNLPXUALEE SRS TASCIRE FHI#ugIr & &S , BT ASCIREL4E
=gk e, BEh, DREEFARSETHUNLPIETASNE. NEIEERESAE T 3ERESF

PHERFEFTF, LTFIRE , MERERTIAENTO 4 EERFE. XHEBIREF

THIZEEE | SHBEEARFIMENRIEIRRR 7RI |, B 75 TS EEEEAESIIE kS

THIT 20 RFHZRENE | BEMRTASCIRSFEELTHUNLPRIZEAR R BRI REARRERN /Y 2020518120 , IB/RETIAE ST
ERPEERIACK , ETESRFEARZRAVFMRI, & R, iFETHUNLPXIFERLL (& B 5=aEmII) ( HIT-SCIR ) 5
FPRESREIE) f , BEZANZIREZMNINE T RAFIEEENERY | LIRS E A SR IRIEELME St AT eI =
EEENHENEK., fEfE  IBITASCIRESHHIZLL (NLPerfUZURFENEMNTA ? ) I, ( THUNLP ) BB AREEES TFIRSRERTH
A=A ERET TNLPAE NiZB &+ AERIEED. ARUBINNRERE T, A3, 497, SSHETHUNLPREHD. FUSE. LT
XUiF., XUFNTEPNE I T T ERSBGTIeFHEE 7 B HRHATERE | X370)IZ4R209R » LARBSTASCIRAUE, &, FHH. X
. NLPARKRIARER. NMAFEEMENRISEFSNaR@ARTEE. T , XTRFLI g2 AXURIE. TH. BIEIE. IBEEZIT
iR OSRSRIFZZHTT 7 RHARER AR, IDiEiRIERR 7 375 E2019F AR ARBEES | 18 TASCIRAYS 545
ITE , ARESRHENRZNIENGEZENE T ZFEARAR  WaITIeSStoHzL, b S IEETHUNLPH 7 ES S 5355,

&, iIBETHUNLPHEE, &KF. AR, KA TASCIRRIRIRN. EXX, EDE.
XITTREZEDHNE T ORENBE CRITE , FEITHIRZFNSR IR ERETHIT 7 HEUR
. &E , ANKREIRARRGENE TR, AEIhE R 7 I TASCIRSLIG =SSP AIRGE
) , INARIRESNEIN T NS EFRI T /% | ST 7 RUBRIREE , BUS 7 IHARIASRER. fE
XS R INFE AR MR T I B AR R SHH T I AT &R,

RESEARCH CENTER FOR SOCIAL COMPUTING AND INFORMATION RETRIEVAL




= B

L= Y, _ ERES EZEEN 1y

) =)

BE CERE

%14: = E’:‘:lm = ) TE 5] %*U 18X XJid&
\ S S

RESEARCH CENTER FOR SOCIAL COMPUTING AND INFORMATION RETRIEVAL



quary rewrite . joint re news ¥ tre L‘Or\Structhn reviews
~ aducts multil1ingual _]_nf J—t J
g é’;ht,:: abSt raCt lve 1nf0rmat10n utl ansfo Merscreating =) pre tralnlng s spang hexplormg g
=1 1tisumm i docunent n . amount & l contrastive o Margina S5 = health AR B2 0 R %o
& n amua } i network Bin @anlng medical o 1Or e m g data e elbmodUlEE papers o<
B e N eyond multy-f < :
5 awar € =i parsmzredundant realtime dialogue factual importance. R vg g : Fi g_:,‘g
g vid fregh _QYSI81NG ‘L’?;Tf[‘fg.m condi t1ona Lasis mﬁSQ&MHF’er\{u]ssﬁg,w s topic-o rlesnctleeJ] ;cel ments SaHs T
vi eo.su ervised copying re}cnforcement ab LIRE P 8 edE!

P enera lon ) multl - u omer movie 3%
: 3 SmmmArp e e rabstractlv dialoguet] @
E‘ et fied e Sh \ .’f py (‘ﬁapen(?ency o wkeimede : Ty contex T
§ contror 4l 169 8§ Everbatin guided timely 5 X i @X T ractive salf::ii% 5 UnSUpeerSE‘dmultl bemente &
L relevant?_g hybrid ? zpzwnms.vzdeo-tgisvwvg!:““w" rarchical mer 5° 0oplnion ‘meta- nsfernutri-bulletsv'® =

COLING 2020 NAACL 2021

ACL 2020

AAAI 2021

EMNLP 2020

AAAI 2020

summaries knowledgeword S MetiFics tunatirence ' "'3“"“'"“’“"9"1““0“ g .. efficiently dlscourse dynamic ,,
0p1n10n towards “eWSg, aph 503 g nethork i - e e gl VRN o, iching metrics noisyenhancing 11 2
o e Jointly g - Wl AR new > b O topic 85 ) aughoncation |16 ent: datasett N
timeli ] ;\.:‘w'h' = % = i 5 oy ) ﬁ— 4 3 rees-:
. en)ekt ra Ct lve SElECtlon g E‘E da ta Se j 1 a 1 O o LJ e P ”L eask § i distillation d2s evaluationinte consxstencyE
- Zdiscourse 5 3 || _Structureskbest—iititm DL =w»n TE Bi represen query- based “graphs
2% 5 textalign lingual§uig POints = g8 | |E anel medlcalE B0 5 w Bl b eraprtes T AU ONN TR0 -
£2 semantic oz fmich :’onovel argument 34 > 2 petworkstransformers semantlc St . £ oo Dun E . et extendin laylng
a pechantsm . Zn ers " . ’
£ document g & g aw-dt ™ R ESEE N 21, ’ =N ~ Fselect om
“a atrention matchin T a% 1d|nfu< us '—‘L.> =5— 5 S firankasaRctFrractT 1v/ > ELLL
CrOSS tching > ] 5 alternative Sentlment o S -y Qe sf
- pegasus? a = = &
utomat ‘Senter\CQL :E b C lve gasus? g =l U R >3 g A8 rmlw el s t:‘f?w S:‘nwev sS
i mUlt ]_laten éi" whlch h§< empxrxcq $ 20 % g Xg Eh2a nggéggsm h Ame v t1)- %
unsu 5 i multi-document §-5.07.07° | [EY 13 faranratameaorkselectq factualityft
SN networks ety 'mmsmattend o e ""‘"Sshou‘lr(ljc Va ]_suPervxsedt P m-u-.‘;h a5 E J n‘v’ (“L"S?'L}vgl’gbat < 10ng | SR ] Y
method e aware 8% content »~ 1 £ new summarizing
generarion classtfication e orialsextract?  fact-level X refsum & " mediasum multi- do‘r'n:axenx:}:u

SEARCH CENTER FOR SOCIAL COMPUTING AND INFORMATION RETRIEVAL




YRRk

&l
ﬁi
i}

A
w ‘ 60

: disagreereference argumentatlve hod D rolconstruction, reviews S ..efficientl | dynamic
metrics T s Crevie g g uo spangraphexplorln g 25 “enriching metrid dnléxssggggrge 4 5
i few-shot B 3 LterminologyNeWs 3 Q_ tOPIC 85 g health Spers .. o %-0 &3 -datasettrees o
da se i“ (O™ " mask é s % data g SmeOdhlar papers g"" E disti gs__evaluationi! b d‘“"““e"‘VE
structures e L i g e g i wikw Y =N gt rel el y-0a5e0 grephl
grmtitles fasthulness medlcalE C-O C'_1 o T 3 K Scle l lc plsa g.GL.‘E o self-knos dlaloguem automated ]aylng

;Qetworks,.‘;..;:m ners as.Emantlc' -'&jé téo GE) g‘i % toplc —Orlente egments pa Oz § [ extend ng sum selection
éi‘ also ] a ~ — E§ | £ iy L1 ,._.
% identifying<, i .sentiment 7’5‘ 53 jr—r; 5 5 7 b salioncy-aare y o c : d3 l movie by b G5 T a TIS1 - tlac lve transformerss2

b qc lve ottt =83 ke 8 ct+: ra S t r a C t lt e .la Ogue 1 é 2 & encodings t ‘mé slideadaptsu '_Ft,ffng.tnurfd

) -— 3 3 = conte Y vo ~a vances approach selector x g
whlch rs emplrl( mu. ti-document E .D © ¢ 82 Context-amara . d ; cphanc]_ng E i~ &in ferenc @adbpimgnerk aCEtls?ualtcxurse

learningshould . I“Per‘““" el Gk u n S u p e r V l S e mUIt.l- ocument ’ i i i ﬁ‘éwd s i long summarizing teXt

vlia : eva cxtr@t;t fact- pvol a opinion meta-tranSfernUtrl-bUlletS\ L 1 refsum &7 mediasum mu]t1 domain scoring

COLING 2020 AAAI 2021 NAACL 2021

RESEARCH CENTER FOR SOCIAL COMPUTING AND INFORMATION RETRIEVAL



P RS R

ORIEREREXI AR
O, R, R, ZIRAIE  ERXE , #HeS

oW RIS B BXiE
TV HIT : WERRITEREZAER? | |82 0 Z5, KTURER—TFG? B AR K o
FHEBTHIT o URA] DUASCERFIE 4 %g : £§W§‘;§$ﬂ7 - HBE . NAENT

Wit — B EIE N, | | 889 , T AE || o | s
HEHAE - XSRRA. 3 L3, RESIREEED. REE - BHE T, AFARRITRR?
THHEZHE - RIONEBERTBEANRA. | |78 0 RWEHK, 105048285, BE . RAE=RAZH.

PR E PR E PR
TP IR AR & A —ANEEY | B ER T, BESELI0D BN Bk o2 =2 B, R T
3, (ERAR XA R A F R TRe.| [, %tk B3 =

Meeting Minutes s ,.S_,OAP S s L
A WA, IR, EEISH. AT

RESEARCH CENTER FOR SOCIAL COMPUTING AND INFORMATION RETRIEVAL




YHEFEERE N

e | 2WEE

| BRERE |

EERERE | | ERE |
|

TN EIR
iEE | FHIIA— IR
| 2R, BEREWREX
AR—1ERBRITIEE.

FFaREEnL SR
XA HERGTIES
TER, BISETRA
ekiG. AREE.

iRk - =E<zain
3, u BTN RIRER
%f_ H%J:*E n&ﬁ .l]:b 7 \J:L-F 8 I_I__—I ;Ftl:l BXX A\

SR e

) ) | )
HESSEHIEK (ﬁgﬁbﬁﬂﬂgﬂﬁ’ﬂéﬁ h HBEEEFRTHEA | BEREASEY
SWIZORE , LA | | IEERAFHEIARE , wEEE , 2EM | 1EHEEER , RE
EFETN—2I1E. S IR, ) TTRER. FHaFAIRTIE,

= — R\ \ /
22X ~

A

Jm%%%@,%%%ﬁﬁﬁwﬁﬁﬂmﬁoJ

RESEARCH CENTER FOR SOCIAL COMPUTING AND INFORMATION RETRIEVAL |



WigiENARRE =

ACL Trends

8y Wanxiang Che on 19 May 202

o
(&4
[
o

Machine Translation

Tagging Chunking Syntax and Parsing

Sentence-level Semantics

Information Extraction and Text Mining

Sentiment Analysis

Machine Learning

Word-level Semantics

Applications

@

Resources and Evaluation

~

Summarization

:‘ I I
-

19

19

-
w

[
o -

-
—

2018

AER R

Dialogue
O HRE XEEH , MAMMEEX -
O SOEER - /
O FHOANZER o
0 BEFEMES TgTHR .
O MERSRERRE , BFANPREN -
O ARER "
O EEEIE N el I . Y MRy TN e b
= }_(}::l NLU. %M. NLG //
O tRER o 0
o m Virtual Assistant
O ESENE P ' >
= )\ &
O FRSE v
O SIAESHRERE Wedsites Search Engines Mobile Aops
Virtual Assistants Might Eat the Internet.
— Chris Manning (2020)

O RS TR MERE p—
0 S3E, 308, VSEBFESRARE . =
O tF#A
O VAE vs. Pre-training "
0O PPVAE , Coupled-VAE ™
0O BART »
O Non-autoregressive vs. Autoregressive
0O CoMMA B L I e I L - U T E =
O PMLM
O EF45%
O Syn-QG , Paraphrase Generation , Systematic Assessment
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. # tokens | # tokens Abstractiv .
Dataset # instances . Extractive
(input) | (summary) | speakers e
AMI 137

1 4757.0 322.0 4.0 N N Meetings

2 ICSI 59 10189.0 534.0 6.2 N N Meetings

3 SAMSum 16.4k 83.9 20.3 2.2 v ChitChat

4 MediaSum 463.6k 1553.7 14.4 6.5 \/ News Interviews
5 QMSum 1.8k 9069.8 69.6 9.2 v Meetings

6  SUMMSCREEN 26.9k 6612.5 337.4 28.3 v Television Series
7 SumTitles 21.4k 423.06 55.03 4.88 N Movie

8 DialoSum 13.4k 131 13.8 - \/ Spoken

9 GupShup 16.4k 83.9 20.3 2.2 \/ Cross-lingual
10 LCSPIRT 38500 684.3 75 2 v Police
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Model ROUGE-1 R-2 R-SU4
AMI
HMNet 53.0 18.6 249
—pretrain 48.7 184  23.5
—role vector 47.8 172 211
—hierarchy 45.1 159 205
ICSI
HMNet 46.3 10.6 19.1
—pretrain 42.3 106 17.8
—role vector 44.0 9.6 18.2
—hierarchy 41.0 9.3 16.8
Table 3: Ablation study of HMNet.

. — ‘ A Hierarchical Network for Abstractive Meeting Summarization with Cross-Domain Pretraining Findings of EMNLP2020
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OiE(me N EEESR T 1) 145
O “[E&" S5 Wie" , "B 887 “Wie" iRLAS.

{ AMIorICSI | Parts of the Meeting
Train Set Meetings: | { A: what's the standard colour? <--------: QA Pseudo Summary :
: ./ B: wehave different colour ;-z:--z::2-+ o :
q A: we should have standard colour -.......;claboration
™. | B: how about black, black is always«.--, &
§ the standard . Econtinuationf §
q . i | B: yellow also regular remote colours::::".... ¥
A: yellow seems not suitable g:::zzzxy X C9nuast 5
E {5 B: blue is more pOpulaI‘;::::::::::::::;'Econtmuatlon """"""""""""""""""""
A: SOUNS ZIEAt oo acknowledgment =~ Pseudo Meeting
AMI ICSI
Pseudo Corpus Pseudo Corpus
# of Original Data 97 53
# of Pseudo Data 1539 1877
Avg.Tokens 124.44 107.44
Avg.Sum 13.18 11.97

Dialogue Discourse-Aware Graph Model and Data Augmentation for Meeting Summarization |JCAI202 1
18
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Chat Utteraqces

%’

Window ——a

%’
1

Chat Segment

CUP
— | Relevance Score

Reoon
Loss

Pseudo Segment a —_ E: — M 4|

(a) The training stage of RankAE.

- I Denoised Segment I

Noise

Chat Utterances

[%*

Relevance

Score
Matrix

- E
] :

Encoder | — 1 — !
=1 :
=

W|ndow

Topic Utterance
<— 1 ~—

(b) The inference stage of RankAE.

I

Topic Se ment
9 B — I: — M Summary

Unsupervised Summarization for Chat Logs with Topic-Oriented Ranking and Context-Aware Auto-Encoders AAAI2020
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OXJ151779 ( Dialogue Act ) 18/ 7 B FEXIEFHHER S

Multi-Party Dialogue " Dialogue Act |

A: mm-hmm . | Backchannel |
B: mm-hmm . : Backchannel |
C: then , these are some of the remotes which are different in shape and colour , but they have many buttons . | Inform '
C: so uh sometimes the user finds it very difficult to recognise which button is for what function and all that . : Inform :
D: so you can design an interface which is very simple , and which is user-friendly . 1 Inform I
D: even a kid can use that . : Inform :
/

A: so can you got on t t uh to the next slide . « _ Suggest _ _
| Summary: alternative interface options

OfREY : Z(FBFI

XHEITNTE i3 30
‘\/_/'
B

NN » Abstractive Dialogue Summarization with Sentence-Gated Modeling Optimized by Dialogue Acts SLT2018
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O What would go in the devicej

O So we're talking about ten j|

( PM ) centimetres.

m position the buttons ?

O Where would you physically)
functions one ?

O We're trying to make it for
( Ul ) twelve Euros fifty.
— Eontrast

|
|
|
|
|
|
: Continuation O
|
|
|
I

Question-answer pair

{
We're having another ]

— Q! O
< Things like on off. ) (iv) ' (T7) meeting in half an hour.

" 0
C That sounds good. ) m

That has some impact on O
many things. ID

I
I
I
I
I
: I
Elaboration I Acknowledgement
I
I
I
I
1

Parts of the Meeting

A': What if we have a battery charger? 3.2
B : You can have neat design for it.----- ; QA.Contrast

“Continuation

C : We have to change the end cost.-- -
Summary

A asked whether to include a battery charger. B
answered his question. However, C disagrees with 4
since it would increase the final cost.

. Dialogue Discourse-Aware Graph Model and Data Augmentation for Meeting Summarization |JCAI202 1
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AIFHHl

FIERD ( Topic Drift ) 2XJiE+P—FE WIS

E S
( Conversation opic View Stage View
James: Hey! I have been thinking about you : ) SaEs
Hannah: Oh, that’s nice ;) Openings
James: What are you up to?
Hannah: I’'m about to sleep Today’s plan ;
= z Intention
James: I miss u. I was hoping to see you
Hannah: Have to get up early for work tomorrow
James: What about tomorrow? Plan for tomorrow
Hannah: To be honest I have plans for tomorrow evening Discussion
James: Oh ok. What about Sat then? Pilas o Sty
Hannah: Yeah. Sure I am available on Sat
James: I’ll pick you up at 8? ; ;
. Hannah: Soulr)lds gyood. I;ee you then. . L Conclusion
Summary James misses Hannah. They agree for James to pick Hannah up on Saturday at 8.

Table 1: Example conversation from SAMSum (Gliwa et al., 2019) with its topic view and stage view (extracted
by our methods), and the human annotated summary.

. : » _ Multi-View Sequence-to-Sequence Models with Conversational Structure for Abstractive Dialogue Summarization EMNLP2020
RESEARCH CENTER FOR SOCIAL COMPUTING AND INFORMATION RETRIEVAL 5



EEXERRNERER

OEEF X ARRIERHE TIHE]

a)

[Nurse] Hi Mr.#name#, you were discharged on #date#. There are some
questions i'd like to check with you.
[Patient] Ok, Ok.

[Nurse] Well, have you been experiencing swelling recently? ﬁgﬁn' =
" EE

[Patient] Swelling? It comes and go, comes and go.

|
FREHK| fowoetioemes alon il arieetiont

[Patient] Let me see, started from three weeks ago. Iﬁﬁ%“ii
[Nurse] Are you experiencing any headache right now as we speak? :-.%:‘ 73 *";*“

S [Patient] Umm ... #back-channel#
- *,ﬁ [Nurse] Let me check, the last time you told me is sometimes at night.
[Patient] Oh, right, only a bit.

ﬂ@ [Nurse] Still feel some chest pain or chest discomfort?
ﬁ [Patient] Yes, my head is... #false-start# no, the pain is much better. / \ X X

Still feel headache though ... #topic-drift#

A

[Nurse] Any giddiness or palpitation? 1IShEZR IS
% E3 | [Patient] Palpitation? Do not have-- #interruption# 131“ '&”J’E
= [Nurse] Well ... Do you-- #interruption# % 73 *n*“

[Patient] and no giddiness, no, nothing.

[Nurse] Ok, you need to check your heartrate everyday.
[Nurse] Do you know how to use the device?
[Patient] Yes, yes, no problem.

b) a
Swelling: started from three weeks ago, comes and go. ﬁﬁgﬁ

¥ Headache: sometimes, at night, only a bit.
Chest pain: much better.
Dizziness: none.

- Topic-aware Pointer-Generator Networks for Summarizing Spoken Conversations ASRU2019
RESEARCH CENTER FOR SOCIAL COMPUTING AND INFORMATION RETRIEVAL 28




IRIEAER

OFE—RiE AZIBRGERIINE ( Self-Self Attn )
OARREIEAZIBRYGER IS ( Self-Others Attn )

Word-level Encoder Utterance-level Encoder Decoder
7 \
— o -
Sefeeh - 5ch e &=
sent; IT senty [E0U] sents (EOU) )Q 9 .% = ,l Linear
t Concat 5
(i ) . )
Add & Norm )\ Add & Norm
Il
Nx xN
( Feed-forward ) Feed-forward ’
[( Add & Norm ) Add & Norm
Speaker-Aware Self-Attention »  Cross-Attn '
\ P \ AL I TR \ X0 BT A
i 1 Add & Norm
Positiqnal ®_€9 3 i)
Encoding > I‘ l‘ Self-Attn
[sent; Jreou[[senty ] gouy wvvee (E0U) . \ L i
1 | Anne: You were right, he was lying to me w
2 | Irene: Oh no, what happened? £ A Triangular u 6)_@ Positional
3 | Jane: who? that Mark guy? \ ‘ / Masking vy Encoding
4 Anne: yeah, hetold me he’s 30, todayt |  \  —— ——  _______ 1 _______
saw hls rsspor .-itfs 40 > : 6‘\ i } Utterance-level :
5§ | Irene: Your sure it’s so important? —-P: (J () : ) I [BOS] | I Mark | I lied l ......
6 [ Anne: he lied to me Irene L O J SRR

Hierarchical Speaker-Aware Sequence-to-Sequence Model for Dialogue Summarization |ICASSP2021

RESEARCH CENTER FOR SOCIAL COMPUTING AND INFORMATION RETRIEVAL 23
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BISik: XA, RERFE. Ei> NS * (PR
ba9) S 3 ? -
< Zo, R DOREER — T2 R WE: REANRGEL ...
i'{;ﬁa—f@gi? [.LJ:. $ .%E :' CEEER A ERAT, & o
- A [%”ﬁ%z;"%ﬁ% @%mxiszj
R, RENERT, ﬁﬂ&%%%t] @ N E
Y, MFBERBFED ‘ i

Beie) @i ! I H K, 105}@?2111%“} Sfﬁ@:ﬁ
bR =il

— - » rev-speak-by

SMIFNIEIRT , HIWSTEL08F N ibAl
B4, A I,

—— know-by

= =» rev-know-by

=

R E R SR
(d) ik A4 &

Incorporating Commonsense Knowledge into Abstractive Dialogue Summarization via Heterogeneous Graph Networks CCL2021
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. sV2 g
D WJWJ{EI (R
{ Visual Focus Of Attention (VFOA) )
: Output :-:
\________;;f __________ I:
VFOA Target Detector | @
1 o IOy Meeting2Segment
1 - Attention
OpenFace Feature Extractor : L [
(500
Eye Gaze Head Pose : b *
Direction Angle I N Segm:l::wt{terance
I o =Y ention
4 | L] L L | L1
(ugy
T~ : @ u.: @ u( Utterance2Word
’ - L B ) " ANy, TRy WAL Attention
: All Al 3 O e s 2
| .
| )
ﬁ‘ 2] i [A} |

IR AREE S 52 EAIRT ]
IS | A E N EERER.,

. Keep Meeting Summaries on Topic: Abstractive Multi-Modal Meeting Summarization ACL2019
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Tom YOO guys.
John: hey wassup.

John: I almost forget it.
John Where‘?

Tom Remmber the meetlng_> DialoGPT — : John: [RD] I almost forget it.

[TS]: Topic Segmentation

|[RD]: Redundance Detection Annotated Dialogcu
#KEY# Keywords Extraction gue

Tom YOO guys.
 John: hey wassup. [TS]
. Tom: Remmber the meeting

: John: Where?
Tom Barbara s place.

(a) Annotating
'Labeled Train [ Initialized J 1 Labeled Test . [ Tramed J |
i Set Dlalogues Summarizer | ' i Set Dialogues Summarizer | :
(b) Training (c) Testing

L

’ anguage Model as an Annotator: Exploring DialoGPT for Dialogue Summarization ACL2021
RESEARCH CENTER FOR SOCIAL COMPUTING AND INFORMATION RETRIEVAL 5
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| Start

End

Spoken Utterance

247.255
252.672

258.837
263.983
267.154
270.431

277.520
281.374

289.611

252.672
258.837

262.221
267.154
270.431
277.520

279.952
289.611

296.601

with Andreas” help um Andreas put together a sort of no frills recognizer which is uh
gender-dependent but like no adaptation, no cross-word models, no trigrams -

a bigram recognizer

and that’s trained on Switchboard which is telephone conversations.

and thanks to Don'’s help wh- who - Don took

the first meeting that Jane had transcribed

and um you know separated - used the individual channels we segmented it in- into
the segments that Jane had used

and uh Don sampled that so -

um and then we ran up to I guess the first twenty minutes, up to synch time of one two
zero zero so is that - that’s twenty minutes or so?

Um yeah because I guess there’s some, and Don can talk to Jane about this, there’s some bug
in the actual synch time file that

Table 1: A snippet of a human transcript that contains spoken utterances and their start/end times. Domain terminology is in bold.

" v » How Domain Terminology Affects Meeting Summarization Performance COLING2020
RESEARCH CENTER FOR SOCIAL COMPUTING AND INFORMATION RETRIEVAL 28

Utterance with Jargon

she wanted to display the stylized F_ zeroes, I think
they’re called?
Utterance without Jargon

she wanted to display the [MASK] I think they're called?

1515
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Word-level Transformer Turn-level Transformer Decoder
D"
- ~ A N\
Add & Norm
‘ XN XN
Cross-Attn '
Self-Attn
S
\ j Cross-Attn
D
D
Self-Attn
|[BOS] | | Good || Morning I | sent; I | senty | t
| " \ ~/
D |:| Role vector ®_ﬁ3D u
@ Positional encoding B Triangular Masking | <BEGIN> || The I | Meeting |

A Hierarchical Network for Abstractive Meeting Summarization with Cross-Domain Pretraining Findings of EMINLP2020
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Dialogue
AGENT: Hello, what can I do for you?
USER: What's the standard of electric vehicles for the Express. [

AGENT: Do you have a car? ﬁﬁg%ﬁ ]

AGENT: Or are you going to buy a car?

USER: Iam hesitating which car to buy. One is Jianghuai EV Seven, I
the other is BYD YUAN.

AGENT: OK, you can fulfill the table in this link (link info) with the
type of vehicle you wish to check. We will give you feedback
in seven days.

USER: I have not bought yet.

USER:  Can you check it now? — y

AGENT: I am quite sorry for that. A specialist on this issue will check
it and call you back. v J

AGENT: They will give a precise answer for your question.

USER: OK.

AGENT: Thanks for your understanding. What else can I do for you? l v

USER: Nothing, thanks. Bye.

AGENT: Thank you. Have a nice day. 3y I

Summary

The user’s question was about the standard of EV car for the Express.

He asked the standard to decide which car to buy. I told the user to

fill in the type of the cars in our system and we would give feedback

in seven days. The user approved the result. The user hung up.

\4
\ 4
\ 4
\4

Key point sequence
Question description — Solution — User approval — End

" , , ‘ Automatic Dialogue Summary Generation for Customer Service KDD2019
RESEARCH CENTER FOR SOCIAL COMPUTING AND INFORMATION RETRIEVAL 28
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: Dr.Summarize: Global Summarization of Medical Dialogue by Exploiting Local Structures Findings of EMINLP2020
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We're developing a remote control
which you probably already know.

A
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AERIEE : STRATERHE

OISR IA— | BE

H, REERARHREEE—T

BEINEIZIR

& FTRERE R

OKOK

FS/AIE Kb R

Fl1: SATRFST 28 B**ik i PraY
RE
BESFET: (dRTAEEN)
BE FIRET, BAEMLFERT @R (Dialogue Discourse-Aware Graph Convolutional AR A 1 3 4730 19)
Networks for Abstractive Meeting Summarization) , X5REFMNARREEIS, FAIAME—T, BXHXENEXABES i ’u'x'-Jl'Jii‘E c] ?1» I;"'] é\:
BER? SFRMEFEMETANE? X, TAECRTRESRS ZOUNNER. THRER sHEAREXMFM,

g 3 YrAT 4B 46 B B 9 ALAY,
HEMETE, REFWMR! GAFRTS?
Dear

B1: KiFET.

Fl2: R4 AkiT1109r AT $?
£2: ©iALE,

F8: ERzL?

£3: 2017511426817 i
£22 0,

1R300 B) KR M ey 15 £ 25
A E k.

R4 =N IR TR E

Sorry for the late reply.
Our codes, models and outputs are available at: https:/github.com/xcfcode/DDAMS

Best!
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ID Dataset Language Domain Train Valid Test
1 SAMSum English chat 14732 818 819
2 SumTitle English movie 21469 - 290
3 AMI English meeting 97 20 20
4 | MediaSum English interview | 463596 - -
5 BC3 English email 40 - -
6 CRD3 English TVshow | 34243 - -
7 LCSPIRT Chinese police 38500 - -
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AFKiEaE : FIRNESHI (1)

OX Eiﬁ]ﬁ’ﬂﬂﬁﬁ}ﬁ% (Query-based dialogue summarization)
Meeting Transcripts

& ‘ Summarize the whole meeting. ‘ with some technical tools to communicate.

Turn 16: Marketing: This is just a presentation on
the trends that we're gonna use to make the
product stand out from ......

The meeting was mainly related to ...... \

7 . \
[ Summarize the discussion | o(« Turn 78: Marketing: Young people like that things
| about the trends of current \ .
I “ remote controls. : with cool appearance.
I - N
The group discussed different | . P - ;
: trends based on different ages of ‘ I (T urnc857. Marketing: What do you think of adding )
people. ...... Finally they decided to an LCD?
\ add LCD screen. o« | 1 o Cca te
Y 2N |
N e e e e e e e e e e e e e e e e
Turn 89: Project Manager: Okay, we'll include it to
e e, ————- = \make the appearance attractive to young people. /
{ What did User Interface Designer
think of surface design whe I (o . .
I kg\ (fisc‘:’ss;;l;;‘::r ;i;ﬂ;e;" | IOC Turn 121: User Interface Designer: The idea of
1 _ 2 I\ate‘ having a remote is you have different keys and
| User Interface Designer said the I diff oy t
I remote should perform standard lerent structures. ......
N features right out-of-the-box ...... | /' Turn 162: Project Manager: Sure. Let's push
_________________ \forward the interface design. ,

. QMSum: A New Benchmark for Query-based Multi-domain Meeting Summarization. NAACL21
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OMERIXT1ERFEE (Personalized dialogue summarization)
OB aiHENEGEIRIERR,

| fREIEENBALLETID | 1 e | 0o i
= S o o4t |
. (F7.mEmEm] | | (@ i s vene S
| I 1 BEESHTIE
| B IR U | 1B, HAEREHA, |
| — D |
|| IREEKRSCE TS RE S AL A B ot |
= o o |
PASERTTE FTHIEFHIRT 1 MECRIXSIETE
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AFKiEaE : FRRNESHI (3)

OB ERIXTIEHEEE (Task-specific dialogue summarization)
OMREFEITODO., EfF X iEagh. ... .

9, JLEIR ? ASN=ERTLL? B | N -

PAN
7
M ST, ASNEEABTE T , BEIWEALL, =, BTHESI.
.
HBHFAZIAR HirSErIHE
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